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http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy



http://www.open.ac.uk/students/charter/essential-documents/ethical-use-student-data-learning-analytics-policy




THE VISION

EARLY ALERT INDICATORS




PREDICTIVE ANALYTICS AT THE OPEN UNIVERSITY

Approaches to generating predictions




STUDENT PROBABILITIES

What are they?

Herodotou, C., Rienties, B., Verdin, B., Boroowa, A. (2019). Predictive learning analytics ‘at scale’: Guidelines to successful implementation in higher education. Journal of Learning Analytics.




Fig 1. Anonymised screenshot of the Student Support Tool, containing module probabilities to complete (last column of the table, also shown enlarged)



IDENTIFYING STRUGGLING STUDENTS — A TUTOR GROUP EXAMPLE

Based on an email from a tutor regarding a tutor group with a October 2017 (Feb 2018)

Could we have seen this from the student data?

Out of seventeen students,
only four were deemed ‘on
track’, with further two a
‘maybe’. The rest were either
already withdrawn or were
not engaged.




STUDENT PROBABILITIES — PATTERNS

Story of a Tutor Group

CONCLUSIONS:
+ A student’s performance can be anticipated even before module start
* In the vast majority of cases, students with low probabilities end up withdrawing from the module
« Students who are consistently on ‘green’ are generally doing well and are well engaged

« ‘Atrisk’ status can happen at any stage of the module




